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Effects analysis of migrant farmers in-servicetraining:

Based on the data of foshan employer-employee matching Survey
MING Juan®, DENG Jiangnian®, L1U Sanlin®

(1.School of Economics and Commerce, Guangdong University of Technology, Guangzhou 510520, Ching;
2.Institute of International Economics, Guangdong Academy of Social Sciences, Guangzhou 510610, China)

Abstract: Based on the data of Employer-Employee Matching Survey in Nanhai District Foshan City, the article explores
effects of rural migrant workers' in-service training on the enterprise’s performance; and the staff’s development. Results
indicate that the in-service training is conductive to raising the enterprises’ performance, and the number of enterprise
training and training expenditure have significant positive impact on the enterprises’ gross output value, with the regression
coefficients being 0.02 and 0.3585 respectively. The number of enterprise training exerts significant positive influence on the
business' prime operational revenue with the regression coefficient being 0.3496 whereas the number of in-service training
has no significant effect. In-service training can prominently increase employee’s wages while significantly decreasing their
mobility. The wages of rural migrant workers who received in-service training are about 6.96% higher than those who failed,
with mobility willingness as low as about 4.1%.
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-0.006 1 -0.009 3
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0.244 8 -0.228 7 0.076 2 -0.1190
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